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PATENT 

Attorney Docket No. : 0 1 7 1 0 1 -00 1 000US 

METHOD AND SYSTEM FOR LEARNING LINGUISTICALLY VALID 
WORD PRONUNCIATIONS FROM ACOUSTIC DATA 

The following related patent applications filed on the same day herewith are 
hereby incorporated by reference in their entirety for all purposes: 
5 U.S. Patent Application No. (Attorney Docket No. 017101-000700US), titled 

"Method for Learning Linguistically Valid Word Pronunciations from Acoustic Data," of 
Francoise Beaufays et al.; and 

U.S. Patent Application No. (Attorney Docket No. 017101-000900US), titled 
"Method for Learning Linguistically Valid Word Pronunciations from Acoustic Data," of 
10 Francoise Beaufays et al. 



BACKGROUND OF THE INVENTION 
[0001] This invention relates generally to generating phonetic spellings of words, and 

more specifically to a method and apparatus for generating phonetic spellings of words that 
15 are collected in a pronunciation dictionary, such that the phonetic spellings are generated by a 
pronunciation-learning module configured to accept as input a list of words and transcribed 
acoustic data that includes acoustic samples of words spoken by a set of speakers and the 
transcribed words therefor. 

[0002] Automatic speech recognition systems and speech synthesis systems are being 

20 deployed in a broad variety of government, business, and personal applications. Such 
systems provide simplified, automated communication between people and computers. 
Constructing automatic speech recognition (ASR) systems and speech synthesis systems is a 
laborious process performed by experts in the fields of linguistic modeling and acoustic 
modeling. The creation of given aspects of ASR systems and speech synthesis systems has 
25 been automated to some extent, such as by automatic generation of pronunciation 
dictionaries. Pronunciation dictionaries typically include phonetic spellings (or 
"pronunciations") of words spelled with the phones of a phonetic alphabet. Pronunciation 
dictionaries and their pronunciations can be used by both ASR systems and speech synthesis 
systems to facilitate communication between people and computers. For example, ASR 
30 systems can be configured to compare an acoustic waveform of a spoken word against a set 
of pronunciations in a pronunciation dictionary to determine whether the spoken word 



matches one or more of the pronunciations. In matching spoken words to pronunciations, 
meanings can be extracted from the spoken words and can be used to direct a computer or 
machine to perform a requested task, such as dialing a telephone extension, making a bank 
deposit or other task. Speech synthesis systems can be configured to use a pronunciation 
5 dictionary by electronically articulating words according to their pronunciations in the 

pronunciation dictionary. For example, in an automated telephone dialing system, a speech 
synthesis system can be configured to articulate names or other words as they are 
phonetically spelled in a pronunciation dictionary. 

[0003] One automated method of generating pronunciation dictionaries includes the 

10 use of letter-to-phone engines configured to match sequences of phones to sets of alphabetic 
letters of a spelled word. While letter-to-phone engines have been used with some success to 
generate pronunciations of simple words, more complicated words, such as given names and 
surnames, do not lend themselves as easily to letter-to-phone matching to generate valid 
pronunciations. For example, an American speaker is likely to pronounce the first inventor's 

1 5 surname, Beaufays, as [b u f e] (Computer Phonetic Alphabet spelling), a French speaker is 
likely to say [b o f e], and a French-speaking Belgian will likely say [b o f A i], A letter-to- 
phone engine is likely to generate a pronunciation not matching any of the above 
pronunciations due, for example, to the silence of given letters in the spoken name and varied 
pronunciations of letter groups. 

20 [0004] Linguists are often employed to verify and adjust pronunciations generated by 

letter-to-phone engines. However, the use of trained linguists to correct pronunciations is 
relatively costly and relatively slow. For example, a well-trained linguist may be able to 
generate and/or correct the pronunciations of about 65 to 85 words per hour. If, however, a 
linguist does not have access to acoustic samples of the words for which corrected 

25 pronunciations are desired, the linguist may be unable to correct those pronunciations. 
Moreover, if a linguist is not trained in a given foreign language or a given dialect of a 
foreign language, the linguist may be unable to verify and correct pronunciations, including 
especially given names and surnames. As the demand for larger and relatively more accurate 
ASR systems and speech synthesis systems increases, so too does the demand for larger and 

30 relatively more accurate pronunciation dictionaries increase. Correspondingly, demand also 
increases for automated systems and techniques to produce pronunciation dictionaries that are 
relatively less costly to generate, relatively fast, and configured to generate relatively accurate 
pronunciations. 
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[0005] What is needed specifically are automated development methods and systems 

that provide automated generation of pronunciations that relatively accurately match acoustic 
samples of words spoken by a set of speakers. 

5 SUMMARY OF THE INVENTION 

[0006] According to the invention a computerized pronunciation system is provided 

for generating pronunciations of words that are represented by waveforms and text, such that 
the pronunciations are spelled by phones in a phonetic alphabet for storage in a pronunciation 
dictionary. 

10 [0007] According to a specific embodiment, a system is provided that includes a word 

list including at least one word; transcribed acoustic data including at least one waveform for 
the word and transcribed text associated with the waveform; a pronunciation-learning module 
configured to accept as input the word list and the transcribed acoustic data, the 
pronunciation-learning module including: sets of initial pronunciations of the word, a scoring 

1 5 module configured score pronunciations and to generate phone probabilities, and a set of 
alternate pronunciations of the word, wherein the set of alternate pronunciations include a 
highest-scoring set of initial pronunciations with a highest-scoring substitute phone 
substituted for a lowest-probability phone; and a pronunciation dictionary configured to 
receive the highest-scoring set of initial pronunciations and the set of alternate 

20 pronunciations. According to a specific embodiment, the transcribed acoustic data includes a 
plurality of waveforms for the word, and transcribed text for each waveform of the plurality 
of waveforms. According to a specific embodiment, the plurality of waveforms are acoustic 
representations of the word spoken by a plurality of speakers. According to another specific 
embodiment, the system further includes a letter-to-phone engine configured to generate 

25 initial pronunciations from which the sets of initial pronunciations are generated. 

[0008] According to another specific embodiment, a system is provided that includes 

a word list including at least one word; transcribed acoustic data including at least one 
waveform for the word and transcribed text associated with the waveform; a pronunciation- 
learning module configured to accept as input the word list and the transcribed acoustic data, 

30 the pronunciation-learning module including: sets of initial pronunciations of the word, an 
automatic speech recognition (ASR) system configured to score pronunciations, a scoring 
module configured to generate phone probabilities, and a set of alternate pronunciations of 
the word, wherein the set of alternate pronunciations include a highest-scoring set of initial 
pronunciations with a highest-scoring substitute phone substituted for a lowest-probability 
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phone; and a pronunciation dictionary configured to receive the highest-scoring initial 
pronunciation and a highest-scoring set of alternate pronunciations. According to a specific 
embodiment, the ASR system is configured to score graphed sets of initial pronunciations. 
According to a specific embodiment, the ASR system is configured to generate transcriptions 
5 of acoustic data spoken by a plurality of speakers, wherein the transcriptions are included in 
the transcribed acoustic data. According to a specific embodiment, the ASR system is further 
configured to collect feedback from the plurality of speakers that the transcriptions generated 
by the ASR system are words spoken by the plurality of speakers, and wherein if the 
collected feedback affirms correct recognition by the ASR system, the transcriptions are 
1 0 entered in the pronunciation dictionary. 

[0009] Various embodiments employ conditional probability techniques wherein 

lower probability solutions are discarded and other solutions are substituted in order to obtain 
more refined matches. 

[0010] The invention will be better understood upon reference to the following 

1 5 detailed description in connection with the accompanying drawings and appended claims. 



BRIEF DESCRIPTION OF THE DRAWINGS 
[0011] FIG. 1 is a block diagram of a computer system in which the invention may be 

embodied; 

20 [0012] FIG. 2 is a simplified block diagram of a pronunciation system illustrating a 

flow of information for generating entries in a pronunciation dictionary according to an 
embodiment of the present invention; 

[0013] FIG. 3 shows a waveform and transcribed words therefore according to an 

embodiment of the present invention; 
25 [0014] FIG. 4 is a simplified block diagram of a pronunciation-learning module 

according to an embodiment of the present invention; 

[0015] FIG. 5 is a simplified block diagram of a pronunciation-learning module 

according to another embodiment of the present invention; 

[0016] FIG. 6A shows an example of a phone sequence force-aligned to a waveform 

30 that represents a pair of words according to an embodiment of the present invention; 
[0017] FIG. 6B is a graph of sets of initial pronunciations according to an 

embodiment of the present invention; 
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[0018] FIG. 7 is a diagram of sets of alternate pronunciations realigned to a 

waveform; 

[0019] FIG. 8 is a diagram of a set of aligned pronunciations according to an 

embodiment of the present invention; 
5 [0020] FIG. 9 is a high-level flow chart illustrating steps involved in generating 

pronunciations of words given a word list and a set of transcribed acoustic data according to 
an embodiment of the present invention; 

[0021] FIG. 10 is a high-level flow chart illustrating steps involved in generating 

pronunciations of words given a word list and a set of transcribed acoustic data according to 
10 another embodiment of the present invention; and 

[0022] FIG. 1 1 is a high-level flow chart illustrating steps involved in generating 

pronunciations of words given a word list and a set of transcribed acoustic data according to 
another embodiment of the present invention. 

1 5 DESCRIPTION OF SPECIFIC EMBODIMENTS 

[0023] FIG. 1 is a block diagram of a computer system 100 in which embodiments of 

the present invention may be implemented. A specific embodiment of the invention is 
implemented on a computer system 100 having a processor 105, a system memory 1 10, an 
output device 1 15, an input device 120, a disk memory 125, and an interconnecting device 

20 130, such as a system bus. Processor 105 may be implemented in a variety of formats, such 
as, but not limited to, a microprocessor, a microcontroller, a microcomputer, embedded logic 
or other processor types. Processor 105 may be a microprocessor manufactured, for example, 
by Intel Corporation, Motorola, Inc., or Advanced Micro Devices, Inc. System memory 110 
may include EPROMs, EEPROMS, flash memory, SRAMs, DRAMs, cache memory or the 

25 like. Output device 115 may be one of a variety of device types, such as CRTs, liquid-crystal 
display panels, printers, computer networks, an audio playback device and the like. Input 
device 120 may be one of a variety of input types, such as a microphone, a keyboard, a 
computer network and the like. A computer software program stored on system memory 110 
and/or disk memory 125 is configured to generate machine code instructions that implement 

30 embodiments of the present invention. 

[0024] FIG. 2 is a simplified block diagram of a pronunciation system 200 according 

to an embodiment of the present invention illustrating a flow of information for generating 
phonetic spellings (or "pronunciations"). Pronunciation system 200 may be implemented in 
software, firmware, control logic, hardware or a combination of the foregoing. Those of skill 
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in the art will know of other useful ways to implement pronunciation system 200. 
Pronunciation system 200 includes a pronunciation-learning module 205, a word list 210, 
transcribed acoustic data 215, and a pronunciation dictionary 220, which includes a set of 
pronunciations 225. 

5 [0025] Word list 210 includes a list of words for which pronunciations are desired. 

According to a specific embodiment, word list 210 includes a list of names, such as a list of 
given names and/or surnames. However, word list 210 is not limited to including names and 
may include any word for which pronunciations are desired. For example, word list 210 may 
also include multiwords. Multiwords are words that are run together when spoken. 

10 Examples of multiwords include "wanna" for "want to" and "gotta" for "got to." 

[0026] Transcribed acoustic data 215 includes acoustic data for words contained in 

word list 210. Transcribed acoustic data includes, for example, acoustic data for words 
spoken by a set of speakers (i.e., one or more speakers) or a representation of a set of 
speakers (e.g., an analog magnetic recording or a digital optical recording). The acoustic data 

15 may include waveforms, such as a digitized waveforms. Transcribed acoustic data may 
further include a list of transcribed words associated with the acoustic data. 
[0027] FIG. 3 shows an example of a portion of acoustic data that may be included in 

transcribed acoustic data 215. The acoustic data includes waveforms 305a and 305b, which 
are portions of a waveform 300. Waveform 300 may include additional waveform portions 

20 (not shown) representing other spoken words. Waveforms 305a and 305b are shown in the 
time-amplitude domain, wherein the horizontal axis represents time and the vertical axis may 
represent acoustic intensity, acoustic amplitude, acoustic power or the like. Waveforms 305a 
and 305b represent the second named inventor's given name, Ananth, and surname, Sankar, 
respectively. 

25 [0028] According to one embodiment, transcribed words are included in transcribed 

acoustic data 215 and are transcribed by a person who listens to a set of acoustic data and 
transcribes the words. Subsequent to transcription, the transcribed words are combined with 
the acoustic data to generate the transcribed acoustic data. 

[0029] Alternatively, an automatic speech recognition (ASR) system may be 

30 configured to transcribe the transcribed words included in the transcribed acoustic data. 

Some words generated by an ASR system may not match the words spoken by speakers. To 
prevent pronunciation system 200 from learning incorrect words, words generated by an ASR 
system may be assigned confidence numbers. Words assigned confidence numbers below a 
threshold value may be removed from the transcribed acoustic data. Alternatively, words that 
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appear with a frequency that is below a threshold value may similarly be removed from the 
transcribed acoustic data. 

[0030] According to another alternative, the transcribed words included in the 

transcribed acoustic data may be generated by collecting acoustic data spoken by a set of 
5 speakers wherein the speakers provide feedback as to whether an ASR system has correctly 
recognized the words spoken. For example, a speaker may be prompted by the ASR system 
to say the name of a person the speaker would like to call, e.g., "who would you like to call." 
A speaker giving the answer "Francoise Beaufays" may then be asked "Do you want to call 
Francoise Beaufays?" If the speaker answers "yes", then the acoustic data collected from the 

10 speaker along with the recognized words may be entered in the transcribed acoustic data. 
Alternatively, if the ASR system asks the speaker "would you like to call Mitchel 
Weintraub," the speaker would answer "no." The feedback from the speaker indicates the 
ASR system has incorrectly recognized the words spoken. Accordingly, the acoustic data 
with the transcribed words "Mitchel Weintraub" will not be included in the transcribed 

15 acoustic data. Although the above feedback examples include the speaker answering a 

question in the affirmative (e.g., yes) or negative (e.g., no), other feedback may be collected. 
For example, the speaker's silence in response to the ASR system saying "calling Francoise 
Beaufays," may be an indication the ASR system correctly recognized the words spoken by 
the speaker, and the acoustic data and words generated by the ASR system may be entered in 

20 the transcribed acoustic data. Alternatively, if the speaker interrupts the ASR system after the 
system says "calling Mitchel Weintraub," the interruption may be taken as an indication of an 
incorrect match, and the acoustic data and words generated by the ASR system may not be 
entered in the transcribed acoustic data. Other useful feedback may be collected from a 
speaker to confirm or disaffirm correct word recognition by the ASR system. Those of skill 

25 in the art will recognize other useful ways to generate transcribed acoustic data for use with 
pronunciation system 200. 

[0031] Referring again to FIG. 2, pronunciation-learning module 205 is configured to 

receive as input word list 210 and transcribed acoustic data 215. The pronunciation-learning 
module is configured to apply the received input to generate pronunciations 225. As briefly 
30 mentioned above, a "pronunciation," as referred to herein, includes a phonetic spelling of a 
word spelled in a sequence of phones from a phonetic alphabet. Examples of useful phonetic 
alphabets include the International Phonetic Alphabet (IP A) having a set of IP A phones and 
the Computer Phonetic Alphabet (CPA) having a set of CPA phones. Table 1 shows an 
exemplary copy of the IPA of the International Phonetic Association. The CPA includes 
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primarily ASCII characters rather than the more stylized fonts of the IPA. For convenience, 
pronunciations herein are spelled with CPA phones. 



THE INTERNATIONAL PHONETIC ALPHABET (revised to 1 993) 

CONSONANTS (PULMONIC) 



Plosive 



Nasal 



Trill 



Ynp or Flap 



Lateral 
fricative 



Approximant 



Lateral 
approximant 



Bilabial Labiodental Denial Alveolar Pottalveolar Retroflex 



P b 



m 



B 



4> p 



f v 



v 



t d 



n 



e a 



s z 



J" 3 



1 



t 4 



5 



Palatal 



5 J 



k g 



x Y 



Uvular Pharyngeal Glottal 



q g 



N 



R 



hhh 



h T 




Hi 



ill 



h fi 



Where symbols appear in pairs, die one to the right represent* a voiced consonant. Shaded areas denote articulations judged impossible. 



CONSONANTS (NQN-PtTLMONlC) 



Clicks 


Voiced implosives 


Ejectivcs 


O Bilabial 


6 Bilabial 


T 


as in: 


| Dental 


Cf Dental/alveolar 


P' 


Bilabial 


! (P<wt)olveolar 


J" Palatal 


t' 


Dental/alveolar 


^ Pal&toalvcolar 


Cf Velar 


k' 


Velar 


|| Alveolae lateral 


Cj Uvular 


s 


Alveolar fricative 



SUPRASEGMENTALS 
i 

Primary stress 




, Secondary stress 

I Long Cil 

? Half-long C T 
Extra-slum €✓ 

. Syllable break ii.Sekt 

| Minor (fool) group 

[| Major (intonation) group 

w [Joking (absence of a break) 



TONES A WORD ACCENTS 
LEVEL 

.fOUn^'tlJ^ll ~ -| Extra 
C or I high 



6 "1 High 
6 H Mid 
C —I Low 

e J ST 

4 Downstep 
T Upstep 



CONTOUR 
C or /I Rising 
C N Falling 
C *1 High rising 
C Low rising 

6 1 Rising-falling 

Global rise 
\ Global fall 



DIACRITICS Diacritics may be placed above a symbol wilh a descender. e.g. JJ 



Open -mid 



Open 



Where symbols appear in pairs, the one to the right 
represents a rounded vowel. 

OTHER SYMBOLS 

M Voiceless labial-velar fricative Q % Alveolo- palatal fricatives 

W Voiced labial -velar approximant X Alveolar lateral flap 
L| Voiced labial- palatal approximant Q Simultaneous J* and X. 
H Voice less c pi glottal f ricaii vc 
^ Voiced cpiglottal fricative 
? Epig total plosive 



AJTiicatca aitd dtwblc articula- 
tions can be represented by two 
symbols joined by a lie bar if 
necessary. 



kp ts 



Voiceless 11 d 

o o o 


Breathy voice*! t) 3. 


Dental t d 

n n n 


Voiced S t 


Creaky voiced fo 3. 


Apical t d 
ta u u 


Aspuaicd I VJ 


^ Iinguolabial t Cl 


Lamina] t d 
ea cj a 


More rounded 0 
> > 


Labialized I Cl 


Nasalized 0 


f Less rounded ^) 


J Palatalized t J d J 


Nasal release d^ 


+ Advanced U 


Y Velarized t Y d Y 


Lateral release $ 


_ Retracted 1_ 


^ Pharyngeal ized d^ 


No audible release d 


Centralized £ 


—* Velarized or pharyngeal ized t 


X X 

Mid-centralized G 


Raised 0 (J = voiced alveolar fricative) 
a. * a. 


( Syllabic J 


^ Lowered 0 ( |3 = voiced bilabial approximant) 


^ Non-syllabic 0 


^ Advanced Tongue Root C 


v Rhoiicity Q v 


^ Retracted Tongue Root C 
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Table 1 

The CPA includes the suggested pronunciation for each IPA phone. The IPA shown in Table 
1 is one example of a phonetic alphabet for phonetically spelling pronunciations 225. Other 
useful phonetic alphabets may be employed with the invention. 
5 [0032] FIG. 4 is a block diagram of pronunciation-learning module 205 shown in 

further detail according to an embodiment of the present invention. Pronunciation-learning 
module 205 includes sets of initial pronunciations 400, sets of alternate pronunciations 405, a 
scoring module 410, and a set of phone probabilities and scores 415. 
[0033] Sets of initial pronunciations 400 include initial pronunciations matched to 

10 words in transcribed acoustic data 215. For example, a transcription of words in the 
transcribed acoustic data may include "call Ananth Sankar." Examples of initial 
pronunciation for these words are shown in the left column of Table 2. Six sets of initial 
pronunciations (numbered 1-6) constructed from the initial pronunciation are shown in the 
right column of Table 2. 

15 



call -> [k O 1] 

Ananth -> [* n A n T] 
[a n a n T] 

Sankar -> [s a n k * r] 
[s * n k *r] 
[s * g~ k *r] 


(1) [k01] [*nAnT][sank*r] 

(2) [k O 1] [a n a n T][s ank*r] 

(3) [k O 1] [* n A n T][s * n k *r] 

(4) [k O 1] [a n a n T][s *nk*r] 

(5) [k O 1] [* n A n T][s * g~ k *r] 

(6) [kOl] [ananT][ s * g~k*r] 


Ta 


ble2 



According to one embodiment, sets of initial pronunciations are constructed from all 
combinations of the initial pronunciations. While the left column of Table 2 shows example 
sets of initial pronunciations that include multiple pronunciations, as referred to herein, a set 

20 of initial pronunciations may include a single pronunciation. For example, if a speaker says 
"Ananth" when prompted to say the person's name that the speaker wishes to call, two sets of 
initial pronunciations for the spoken word may include: [* n A n T] and [a n a n T]. 
[0034] Initial pronunciations from which sets of initial pronunciations 400 are 

constructed may be extracted from the pronunciation dictionary 220. Pronunciation 

25 dictionary 220 may include one or more initial pronunciations for a word. For example, the 
pronunciation dictionary may include the following initial pronunciations for the first named 
inventor's last name: [b u f e], [b o f e], and [b o f A i]. 
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[0035] Alternatively, a letter-to-phone matching system, such as a letter-to-phone 

engine, may be used to generate the initial pronunciations from which the sets of initial 
pronunciations are to be constructed. FIG. 5 shows a pronunciation-learning module 205' 
that includes a letter-to-phone engine 440 according to an embodiment of the present 
5 invention. Letter-to-phone engine 440 is configured to generate initial pronunciations using 
the alphabetic spellings of words in word list 210 (FIG. 2) or transcribed words in the in 
transcribed acoustic data 215. For example, the alphabetic spelling of the second inventor's 
name, as it may appear in word list 210, is Ananth Sankar. Letter-to-phone engine 440 on 
receiving the alphabetic spelling Ananth Sankar may generate an initial pronunciation for 
10 Ananth that includes [* n A n T] and may generate initial pronunciations for Sankar that 
include [sank *r], [s a g~ k *r], and [s * g~ k A r]. 

[0036] According to another alternative, initial pronunciations may extracted from 

pronunciation dictionary 220 and generated by letter-to-phone engine 440. For example, 
letter-to-phone engine 440 may be used to generate initial pronunciations not included in the 

15 pronunciation dictionary and initial pronunciations that are included in the pronunciation 

dictionary may be extracted. According to another example, if pronunciation dictionary 220 
includes relatively reliable initial pronunciations for some words but not for others, the 
relatively reliable initial pronunciations may be extracted from the pronunciation dictionary 
whereas other initial pronunciations may be generated by letter-to-phone engine 440. 

20 According to another example, letter-to-phone engine 440 may generate initial 

pronunciations that may be supplemented with initial pronunciations from the pronunciation 
dictionary where they exist. According to one embodiment, letter-to-phone engine 440 is the 
AUTOPRON™ software system created by Nuance Communications, Inc. of Menlo Park 
California, assignee of the present invention. 

25 [0037] Subsequent to constructing sets of initial pronunciations 440, each set of initial 

pronunciations is then aligned (or "force-aligned") to a waveform corresponding to the sets of 
initial pronunciations. The waveform represents an acoustic sample of words spoken by a 
speaker. FIG. 6 A shows an example of a set of initial pronunciations 600 that includes first 
and second initial pronunciations 605 and 610 force aligned to waveforms 305a and 305b, 

30 respectively. For convenience, the phones in initial pronunciations 605 and 610 are labeled 
from left to right with the reference numerals 605a - 605j. 

[0038] Waveform sections to which phones are force-aligned are referred to as 

acoustic segments of the waveform. The acoustic segments forming waveforms 305a and 

10 



305b are identified by the reference numerals 620a - 620j. Dashed lines 600 indicate 
divisions between acoustic segments 620a - 620j. The beginnings and endings of acoustic 
segments, such as the beginnings and endings of acoustic segments 620a - 620j (i.e., locations 
of dashed lines 600), are set in a force-aligning process. 
5 [0039] Subsequent to force-alignment, each set of initial pronunciations is scored 

(scoring is discussed in detail below) and a set of initial pronunciations having the highest 
score is identified (sometimes referred to as the highest-scoring set of initial pronunciations). 
For example, scores for the six sets of initial pronunciations in Table 2 may include the 
scores shown in Table 3. 

10 



(l)[k01][*n A n T][s a n k *r] 


score] 


= 5.1 


(2) [k O 1] [a n a n T][s ank*r] 


score 2 


= 5.2 


(3) [k O 1] [* n A n T][s * n k *r] 


score3 


= 3.6 


(4) [k O 1] [a n a n T][s * n k *r] 


score 4 


= 3.2 


(5) [k O 1] [* n A n T][s * g~ k *r] 


scores 


= 2.1 


(6) [k O 1] [a n a n T][ s * g~ k *r] 


score 6 


= 2.2 



Table 3 



[0040] According to an alternate embodiment, rather than force-aligning each set of 

initial pronunciations to a waveform, the sets of initial pronunciations are graphed and 
entered into an ASR system, which is configured to score the sets of initial pronunciations. 
15 FIG. 6B shows an example graph 650 of the six sets of initial pronunciations that are shown 
in Table 2. An ASR system 655 may be configured to traverse the various branches of the 
graph to generate scores 660. Those of skill in the art are familiar with ASR systems 
configured to score graphed sets of pronunciations and such systems will not be described in 
further detail. 

20 [0041] According to one embodiment, subsequent to identifying the highest-scoring 

set of initial pronunciations, phone probabilities are generated for each phone in that set. 
Phone probabilities are generated by scoring module 410 and represent probabilistic 
measures of an acoustic match between acoustic models representing the phones and the 
acoustic segments to which the phones are force-aligned. According to one embodiment, 

25 phone probabilities are calculated using a Bayesian statistical model. Bayesian statistical 
models are based on the premise that a first option is correct, and a second option is 
calculated in view of the premise. For example, phone probability P(a|X_a) 625c may be 
read as follows: P(a|X_a) is the probability of an acoustic model trained for the phone "a" 
given the acoustic segment X_a. Bayesian statistical models are well understood by those of 
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skill in the art and will not be described in further detail. P(a|X_a) is also sometimes referred 
to as the posterior probability of "a" given "X_a". 

[0042] Subsequent to the generation of the set of phone probabilities 41 5, the phone 

probabilities are compared to determine which phone probability has a lowest value. For 
5 convenience, a phone having the lowest phone probability is herein referred to as the lowest- 
probability phone. More than one phone may be identified as a lowest-probability phone if 
the phone probabilities of two or more phones are equal. In the example being considered, 
phone probabilities 625a - 620j may have the following values: P(*|X__*) = 0.27, P(n|X_n), 
P(a|X_a) = 0.07, P(n|X_n) = 0.19, P(T|X_T) = 0.13, P(s|X_s) = 0.03, P(a|X_a) = 0.01, 
10 P(n|X_n) = 0.22 P(k|X_k) = 0.18, and P(*r|X_*r) = 0.12, respectively. Phone 605g has the 
lowest phone probability 620g P(a|X_a) = 0.01 and is identified as the lowest-probability 
phone. 

[0043] According to one embodiment, phone probabilities are generated for a set of 

substitute phones. The substitute phones may include all phones in a phonetic alphabet or a 

15 subset thereof. A substitute phone having the highest-phone probability is identified and 
substituted for the lowest-probability phone in the highest-scoring set of initial 
pronunciations to generate a set of alternate pronunciations. For example, in the set of initial 
pronunciations [* n a n T] [s a n k *r] the phone "a" in [s a n k *r] is identified as the lowest- 
probability phone, P(a|X_a) = 0.01. Phone probabilities for a set of substitute phones "!", 

20 "*", "A", "aj", "i". . . etc., may be generated by the scoring module and found to be P(!|X_a) 
= 0.01, P(*|X_a) = 0.33, P(A|X_a) = 0.25, P(aj|X_a) = 0.19, P(i|X_a) = 0.01 . ..etc. The 
substitute phone having the highest-phone probability is with a phone probability of 0.33. 
A set of alternate pronunciations is then generated having the phone sequence [* n a n T] [s * 
n k *r]. While sets of alternate pronunciations have been characterized above as including 

25 multiple pronunciations, a set of alternate pronunciations as referred to herein may include a 
single alternate pronunciation. 

[0044] Once generated, the set of alternate pronunciations is added to the 

pronunciation dictionary. According to one embodiment, if the set of initial pronunciations is 
in the pronunciation dictionary, the set of alternate pronunciations may replace the set of 
30 initial pronunciations. According to another embodiment, both the highest-scoring set of 
initial pronunciations and the set of alternate pronunciations are added to the pronunciation 
dictionary. 

[0045] The above described process may be repeated a number of times using the set 

of alternate pronunciations as the highest-scoring set of initial pronunciations to generate a 
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new set of alternate pronunciations. The newly generated set of alternate pronunciations may 
then be added to the pronunciation dictionary. For example, in the set of alternate 
pronunciations [* n a n T] [s * n k *r], the phone probability for phone "s" has the lowest 
probability, P(s|X_s) = 0.03. A substitute phone for "s" might be "S" and a new set of 
5 alternate pronunciations may include the pronunciations [* n a n T] [S * n k *r], which may 
be added to the pronunciation dictionary. The above process may also be repeated for each 
acoustic sample of words supplied by the transcribed acoustic data. Repeating the above 
process provides a pronunciation dictionary having numerous pronunciations for words that 
have relatively refined acoustic matches to waveforms spoken by sets of speakers. Such 

1 0 pronunciation dictionary may be of use in an ASR system to recognize words spoken by a 
variety of speakers, such as speakers having a variety of accents. Moreover, the above 
process may be repeated for a number of initial pronunciations in a set of initial 
pronunciations. For example, in the set of initial pronunciations [* n a n T] [sank *r], the 
pronunciation [sank *r] had the lowest-probability phone and alternate pronunciations were 

15 generated for this initial pronunciation. Alternate pronunciations may also be generated for 
the initial pronunciation [* n a n T] as described above. This processes may be repeated for 
each initial pronunciation in a set of initial pronunciations or for a select subset of the initial 
pronunciations in a set of initial pronunciations. 

[0046] According to one embodiment, sets of alternate pronunciations are generated, 

20 then force-aligned (or "realigned"; see FIG. 6A) to the waveform or graphed (see FIG. 6B), 
and scored to determine which of the sets of alternate pronunciations has a highest score. 
This embodiment differs from the embodiment described above in that the sets of alternate 
pronunciations in the embodiment described above are not realigned to the waveform or 
graphed. The embodiment is presently described in further detail. 
25 [0047] Similar to the embodiment described above, a lowest-probability phone is 

identified in a highest-scoring set of initial pronunciations. However, rather than generating 
one set of alternate pronunciations by substituting a substitute phone having the highest- 
phone probability for the lowest-probability phone in the highest-scoring set of initial 
pronunciations, one or more sets of alternate pronunciations are generated wherein each set of 
30 alternate pronunciations includes the highest-scoring set of initial pronunciations having a 
unique substitute phone replacing the lowest-probability phone. For example, recall that in 
the in the set of initial pronunciations [* n a n T] [s a n k *r], phone "a" in [s a n k *r] was 
identified as the lowest-probability phone, P(a|X_a) = 0.01. Sets of alternate pronunciations 
for [* n a n T] [sank *r] may include [* n a n T] [s * n k *r], [*nanT] [sink *r], [* n a n 



T] [s A n k *r], and [* n a n T] [s i n k *r] with the phones "*", "P\ "A", and "i" substituted 
for "a". 

[0048] After sets of alternate pronunciations are generated, each set of alternate 

pronunciations is realigned to the waveform. In realigning sets of alternate pronunciations to 
5 the waveform, the acoustic segments may be realigned. In other words, the beginnings and 
endings of the acoustic segments may be adjusted. FIG. 7 shows alternate pronunciations [s 
* n k *r], [sink *r], [s A n k *r], and [sink *r] realigned to waveform 305b. As an 
alternative to force-aligning sets of alternate pronunciations to a waveform, the sets of 
alternate pronunciations may be graphed (see FIG. 6B). 

10 [0049] Subsequent to realignment or graphing, sets of alternate pronunciations are 

scored by scoring module 425 (scoring is discussed in detail below) or scored by ASR system 
655. For example, scores for sets of alternate pronunciations of Ananth Sankar may include: 
[* n a n T] [s a n k *r] 0.3, [* n a n T] [s * n k *r] 2.7, [* n a n T] [s ! n k *r] -7.6, [* n a n T] 
[sAnk*r] 1 .2, and [* n a n T] [sink *r] -8.0. Subsequent to scoring, a set of alternate 

1 5 pronunciations having the highest score may be added to the pronunciation dictionary. In the 
example being considered, the set of alternate pronunciations [* n a n T] [s ! n k*r] has the 
highest score and may be added to the pronunciation dictionary. Alternatively, if none of the 
sets of alternate pronunciations has a score higher than that of the highest-scoring set of 
initial pronunciations or higher than the score of the highest-scoring set of initial 

20 pronunciations plus a threshold value, none of the sets of alternate pronunciations are added 
to the pronunciation dictionary. The above-described process may be repeated using a set of 
alternate pronunciations having the highest score as a set of initial pronunciations to generate 
new sets of alternate pronunciations. The above process may also be repeated for each 
acoustic sample of words supplied in the transcribed acoustic data. Moreover, the above 

25 process may be repeated for a number of initial pronunciations in a set of initial 

pronunciations. For example, in the set of initial pronunciations [* n a n T] [s a n k *r], the 
pronunciation [sank *r] had the lowest-probability phone and alternate pronunciations were 
generated for this initial pronunciation. Alternate pronunciations may also be generated for 
the initial pronunciation [* n a n T] as described above. This processes may be repeated for 

30 each initial pronunciation in a set of initial pronunciations or for a select subset of the initial 
pronunciations in a set of initial pronunciations. 

[0050] According to another embodiment, a set of alternate pronunciations is 

generated by deleting a lowest-probability phone from a set of initial pronunciations. For 
example, in the set of initial pronunciations [* n a n T] [s a n k *r], phone "a" is the lowest- 
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probability phone and may be deleted to generate a set of alternate pronunciations [* n a n T] 
[s n k *r]. The set of alternate pronunciations is then realigned to the waveform or graphed. 
The set of initial and alternate pronunciations is then scored, and the set of alternate 
pronunciations may be added to the pronunciation dictionary if the score for the set of 
5 alternate pronunciations is higher than the score for the highest-scoring set of initial 

pronunciations or higher than the score for the highest-scoring set of initial pronunciations 
plus a threshold value. The process of deleting a lowest-probability phone may be repeated 
by using the set of alternate pronunciations as a set of initial pronunciations. The above 
process may also be repeated for each acoustic sample of words supplied in the transcribed 
10 acoustic data. 

[0051] According to another embodiment, sets of alternate pronunciations are 

generated by inserting one or more phones adjacent to a lowest-probability phone in the 
highest-scoring set of initial pronunciations. For example, in the set of initial pronunciations 
[*nanT] [sank *r], phone "a" is the lowest-probability phone. Various phones may be 

1 5 inserted adjacent to "a" to form sets of alternate pronunciations that may include: [* n a n T] 
[s ! a n k *r], [* n a n T] [s * a n k *r], [* n a n T] [s a ! n k *r], and [* n a n T] [s a * n k *r]. 
Each set of alternate pronunciations is then realigned to the waveform or graphed. The sets 
of alternate pronunciations are then scored. The set of alternate pronunciations having the 
highest score may then be added to the pronunciation dictionary. Alternatively, if none of the 

20 sets of alternate pronunciations has a score higher than the score for the highest-scoring set of 
initial pronunciations or higher than the score for the highest-scoring set of initial 
pronunciations plus a threshold value, none of the sets of alternate pronunciations may be 
added to the pronunciation dictionary. 

[0052] The above described process of inserting phones adjacent to a lowest- 

25 probability phone may be repeated, for example, a set of alternate pronunciations that has a 
highest score may be used as a set of initial pronunciations. The above process may also be 
repeated for each acoustic sample of words supplied in the transcribed acoustic data. 
[0053] According to another embodiment, sets of alternate pronunciations are 

generated from a highest-scoring set of initial pronunciations by combining the steps of (1) 
30 substituting an alternate phone for a lowest-probability phone, (2) deleting a lowest- 
probability phone, (3) inserting a phone adjacent to the lowest-probability phone, (4) 
substituting a lowest-probability phone with a sequence of two phones, (5) substituting a 
lowest-probability phone and its right neighboring phone with a substitute phone, (6) 
substituting a lowest-probability phone and its left neighbor with a substitute phone. Each set 
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of alternate pronunciations is then realigned to a waveform or graphed and scored. As 
described above, a set of alternate pronunciations having the highest score, a score higher 
than that of the set of initial pronunciations, or a score higher than the score of the set of 
initial pronunciations plus a threshold value is then added to the pronunciation dictionary. 
5 Any combination of the steps (1) - (6) may be combined to generate sets of alternate 

pronunciations. Further^ any combination of steps (1) - (6) may be repeated using a highest 
scoring set of alternate pronunciations as a set of initial pronunciations to generate new sets 
of alternate pronunciations. Further, any combination of steps (1) - (6) may be repeated for 
each acoustic sample of words supplied in the transcribed acoustic data. 
10 [0054] The following description provides an overview of pronunciation scoring. 

According to one embodiment, scores are logarithm probabilities that include contributions 
for an acoustic part of a model and a linguistic part of the model. According to one 
embodiment, a score for a pronunciation is calculated according to the following model: 

logP(B i |A,X)=ylog +( 1 -y)logP(B i | A) . 

r(X|A) 

1 5 "A" is a phone sequence of an initial pronunciation aligned to a waveform. "Bi" is a phone 
sequence of an alternate pronunciation. "X" is a sequence of acoustic observations 
corresponding to a waveform, such as that included in the transcribed acoustic data 215. 
And, "y" is a weighting factor that may be used to emphasize or deemphasize the 
contributions of the acoustic part (first term) and linguistic part (second term) of the model. 

20 The weighting factor "y" will be described in further detail below. While, "A" and "Bi" have 
been characterized as phone sets of an initial pronunciation and an alternate pronunciation, 
each may also represent phone sets for a set of initial pronunciations and a set of alternative 
pronunciations, respectively, that include more than one pronunciation. 

PfXIB ^ 

[0055] The first term log — — in the model is a log of a likelihood ratio of the 

P(X|A) 6 

25 probability of the alternate pronunciation divided by the probability of the initial 

pronunciation. A relatively large ratio indicates the sequence of acoustic observations X has 

a relatively high probability of acoustic match to alternate pronunciation Bj as compared to 

that of initial pronunciation A. The second term P(BJA) represents a transformation 

probability that individual phone substitutions, phone deletions, and/or phone additions are 
30 statistically valid in view of previously observed similar phone substitutions, phone deletions, 
and/or phone additions. The second term is presently described in further detail. 
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[0056] The second term P(Bj|A) represents a probability of pronunciation 

transformation, such as the generation of an alternate pronunciation B, via phone 
substitutions, phone deletions, and/or phone additions to an initial pronunciation A. For 
example, an initial pronunciation of the word "Peter" may be phonetically spelled as A = [p i 
5 ! *r]. An example of an alternate pronunciation of A that may have a relatively large 

probability P(Bi|A) is B; = [p i t *r]. An example of an alternate pronunciation of A that may 
have a relatively low probability (e.g., P(B;|A) = 0.0) is Bi = [k i t *r]. Substituting a "p" 
sound in Peter for a "k" sound ("k" sound as in cat) may not be statistically valid (or 
"reasonable") as a speaker will not pronounce Peter/[p i ! *r] as Keter/[k i t *r]. To provide a 
10 reasonable model (or "basis") for the second term P(Bj|A), known phone substitutions, phone 
deletions, and phone additions from a set of pronunciations, which has been validated by a 
linguist, are counted and probabilities generated therefrom. 

[0057] Prior to accumulating counts for phone substitutions, deletions, and additions, 

phone sequences for various pronunciations of a word are aligned. FIG. 8 shows the 

1 5 alignment of pronunciations 800 and 805 for the word Alzheimer's and pronunciations 810 
and 815 for the word apple. Alignments may be performed according to a dynamic 
programming alignment similar to that described in "Modeling Pronunciations Variation in 
Conversational Speech Using Syntax and Discourse," by R. Bates and M. Ostendorf, 
published in the Conference Proceedings of the Workshop on Prosody in Speed Recognition 

20 and Understanding, pages 17-22 (2001), which is incorporated by reference in its entirety for 
all purposes. 

[0058] Two types of counts may be accumulated to formulate the basis for P(Bj|A), 

"context-independent counts" and "context-dependent counts." Context-independent counts 
are accumulated without consideration of the phones adjacent to a phone that is substituted, 

25 deleted, and/or added to a pronunciation. Context-dependent counts are accumulated taking 
into consideration phones adjacent to a phone that is substituted, deleted, and/or added to a 
pronunciation. For example, multiple pronunciations of the words Alzheimer's and 
Abbeville (see FIG. 8) may be included in pronunciation dictionary 220 and may have the 
pronunciations: [A 1 1 s h aj m *r] and [a 1 z h aj m *r], and [A b v i 1] and [a b i v 1 1], 

30 respectively. A context-independent count of the substitution of "a" for "A" is two as "1" and 
"b" following the "A" in [A 1 1 s h aj m *r] and [A b v i 1] are not taken into consideration in 
accumulating the context-independent count. In a context-dependent count for the 
substitution of "a" for "A" in view of a following "1", the context-dependent count is one. 
According to the example, the substitution of "a" for "A" in the pronunciations [A b v i 1] and 



[a b i v 1 1] is not added to the context-dependent count because "b" and not *T\ follows "A". 
Similar context-independent and context-dependent counts may be accumulated for the 
deletions of phones, such as the deletion oft" from the first pronunciation of Alzheimer's 
800. Similar context-independent and context-dependent counts may also be accumulated for 
5 the addition of phones, such as that addition of "i" in the second pronunciation [a b i v 1 1] 
815. Similar context-independent and context-dependent counts may also be accumulated for 
the substitution of a lowest-probability phone with a sequence of two phones. Similar 
context-independent and context-dependent counts may also be accumulated for the 
substitution a lowest-probability phone and its right neighboring phone with a substitute 

10 phone. Similar context-independent and context-dependent counts may also be accumulated 
for the substitution a lowest-probability phone and its left neighbor with a substitute phone. 
[0059] According to one embodiment, context-dependent counts may also be 

accumulated for linguistic properties. Linguistic properties include, for example, nasal and 
voiced linguistic properties. To accumulate context-dependent counts for linguistic 

15 properties, each context phone is decomposed into a set of linguistic properties, for example, 
phone "a" may be nasal (+/-) or voiced (+/-). According to one embodiment, context phones 
may be decomposed into thirteen unique linguistic properties. Subsequent to decomposition, 
context-dependent counts for a phone may be accumulated in view of a surrounding phone's 
linguistic properties. For example, any observed phone substitution (such as in the 

20 pronunciation dictionary) of x[b]y -> x[d]y where x is a nasal and y is not a nasal will 

contribute to a context-dependent count of the substitutions of phone "b" for phone "d" in 
view of a leading nasal linguistic property and following non-nasal linguistic property. In the 
foregoing example, "x", "y'\ "b'\ and "d" represent any arbitrary phones in a phonetic 
alphabet. Similarly, context-dependent counts may be accumulated for a phone substitution 

25 of a phone "b" for "d" whose left phone "x" is nasal and voiced and whose right phone, y, is 
non-nasal and voiced. The probability P(x[b]y -> x[d]y) for the substitution of "b" for "d" 
will be a combination of two probabilities one for P(+[b] -> +[d]-) along the nasal dimension, 
and P(+[b]+ -> +[d]+) along the voicing dimension. It should be understood that nasal, non- 
nasal, and voice are examples of useful linguistic properties and that context-dependent 

30 counts may be accumulated for nearly any combination of linguistic properties. 

[0060] Subsequent to the accumulation of sets of context-independent counts and 

context-dependent counts, the counts are transformed into context-independent and context- 
dependent phone transformation probabilities P C i(b|d) and P C( j(a[b]c | a[d]c), respectively. 
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Phones "a", "b" "c", and "d" represent any arbitrary phones. P C i(b|d) represent a context- 
independent probability of substituting phone b for d. And P cd (a[b]c | a[d]c) represents a 
context-dependent probability of substituting phone "b" for "d" in the presence of a leading 
phone "a" and a trailing phone u c". Phone "a" or "c" may be an empty phone if phone "b" is 
5 the first or last phone in a pronunciation. A generalized formulation that combines the 
context-independent and context-dependent probabilities may be written as: 

Ptotai(a[b]c | a[d]c) = otP cd (a[b]c | a[d]c) + (l-a)P ci (b|d) 

in which a is a smoothing constant that is a function of the counts. Smoothing constant a 
may be written as: 

10 a = C(a[d]c)/(C(a[d]c) + constant). 

C(a[d]c) is the context-dependent count of the number of times phone "d" appears between 
phones "a" and "c". For notational convenience, P tot ai(a[b]c | a[d]c) may simply be rewritten 
as P(Bi|A). 

[0061] According to one embodiment, words that are represented by multiple 

1 5 pronunciations in pronunciation dictionary 220 are used to form the basis of the second term 
P(Bj|A). Alternatively, any set of pronunciations that have been verified by a linguist may be 
of use to form the basis of the second term of the model. 

[0062] As briefly discussed above, the weighting factor "y" may be used to emphasize 

or deemphasize the contributions of the first and second terms of the model: 

20 logPCBJA^O^log^^-Kl^logPCBJA) . 

y is constrained to values of 0 to 1 inclusive. Relatively higher values of y place an emphasis 
on the acoustic part of the model (first term) and relatively lower values of y place an 
emphasis on the linguistic part of the model (second term). Use of relatively high values of y 
(e.g., approximately 1) cause pronunciations to be generated that may not be reasonable 
25 whereas relatively low values of y (e.g., approximately 0) limit the total number of 
pronunciations generated. According to one embodiment, y is not set equal to 0 or 1 . 
According to a further embodiment, y is set between 0.1 and 0.5. 

[0063] The following discussion provides a simplified overview for generating 

model: 

30 logP(B i |A ) X)=Ylog^^+(l- T )IogP(B i |A) 



19 



10 



according to an embodiment of the present invention. A pronunciation "B*" is sought whose 
probability is approximately optimized given the initial pronunciation "A" and acoustic 
observations "X". Pronunciation "B*" may be written as: 
B* - arg max P(Bi|A,X) 

Bi 

As "A" and "X" are givens for the optimization problem, it is assumed they are independent. 
Inverting the equation, making use of the independence assumption, and regrouping terms, 
the equation may be written as follows: 

P(BJA , X)= fm) 

V '' P(A|X) 

_ P(A[B,)P(XlB i )P(B i ) 

P(A|X)P(A) 
_P(X|B ; ). 



P(X|A) 



P(Bi|A). 



Taking the log of both sides and introducing the weighting factor y, the last equation above 
can be recast as the model: 

logP(B i |A,X)= Y log^5i2+(l-Y)P(B i |A) . 

15 [0064] FIG. 9 is a high-level flow chart illustrating steps involved in generating 

pronunciations for words in a word list and a set of transcribed acoustic data that includes 
waveforms for the word collected from utterances spoken by a set of speakers according to an 
embodiment of the present invention. The transcribed acoustic data may include 
transcriptions of the utterances that are (1) transcribed by hand (e.g., by a linguist), (2) 

20 transcribed by an ASR system, and/or (3) generated by an ASR system that seeks 

confirmation from a speaker that the speech recognized by the ASR system is what the 
speaker said. It should be realized that the steps shown in FIG. 9 are not limiting on the 
invention as recited in the claims, but are illustrative of an exemplary embodiment. Other 
techniques having fewer, substitute, and/or additional steps are within the purview of the 

25 invention and will be readily apparent to those of skill in the art. At 900, a word list and 
transcribed acoustic data are received by a pronunciation-learning module, which is 
configured to generate pronunciations of the words for entry in a pronunciation dictionary. 
The transcribed acoustic data may be generated from utterances spoken by a set of speakers. 
The utterances may then be transcribed by hand (e.g., by a linguist), transcribed by an ASR 
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system, and/or generated by an ASR system that seeks feedback from a speaker that the 
speech recognized is what the speaker said. At 905, sets of initial pronunciations may be 
constructed from initial pronunciations generated by a letter-to-phone engine and/or extracted 
from a pronunciation dictionary. Phones used to phonetically spell pronunciations may 
5 include phones of nearly any useful phonetic alphabet, such as the EPA shown in Table 1 . At 
910, the sets of initial pronunciations are force-aligned to a waveform and scored. The 
waveform includes an acoustic representation of the words. At 915, a phone probability for 
each phone in a highest-scoring set of initial pronunciations is generated and a lowest- 
probability phone is identified. At 920, phone probabilities are generated for a set of 

10 substitute phones. The set of substitute phones may include all of the phones in a phonetic 
alphabet or a subset thereof. At 925, a substitute phone having a highest-phone probability is 
then substituted for the lowest-probability phone to generate a set of alternate pronunciations. 
At 930, a highest-scoring set of alternate pronunciations is added to the pronunciation 
dictionary. Steps 910 - 925 may optionally be repeated using the set of alternate 

15 pronunciations as the set of initial pronunciations to generate new sets of alternate 
pronunciations, and thus further refine the acoustic match of the sets of alternate 
pronunciations to the waveform. Steps 900 - 930 may be repeated for each waveform 
included in the transcribed acoustic data. Repeating steps 900 - 930 for each waveform 
provides that a variety of speakers may be recognized as having spoken a word by an ASR 

20 system configured to use the generated pronunciation dictionary. 

[0065] FIG. 10 is a high-level flow chart illustrating the steps involved in generating 

alternate pronunciations for words in a word list and a set of transcribed acoustic data that 
includes waveforms for the word collected from utterances spoken by a set of speakers, 
according to another embodiment of the present invention. As in embodiments discussed 

25 above, the transcribed acoustic data may include transcriptions of the utterances that are (1) 
transcribed by hand (e.g., by a linguist), (2) transcribed by an ASR system, and/or (3) 
generated by an ASR system that seeks confirmation from a speaker that the speech 
recognized by the ASR system is what the speaker said. It should be realized that the steps 
shown in FIG. 10 are not limiting on the invention as recited in the claims, but are illustrative 

30 of an exemplary embodiment. Other techniques having fewer, substitute, and/or additional 
steps are within the purview of the invention and will be readily apparent to those of skill in 
the art. At 1000, the word list and transcribed acoustic data are received by a pronunciation- 
learning module, which is configured to generate pronunciations of the words for entry in a 
pronunciation dictionary. At 1005, sets of initial pronunciations may be constructed from 
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initial pronunciations generated by a letter-to-phone engine and/or extracted from a 
pronunciation dictionary. At 1010, the sets of initial pronunciations are force-aligned to a 
waveform and scored. The waveform includes an acoustic representation of the word. At 
1015, a phone probability for each phone in a highest-scoring set of initial pronunciations is 
5 generated and a lowest-probability phone is identified. At 1020 sets of alternate 

pronunciations are generated from the highest-scoring set of initial pronunciations by 
performing one or more of the following: (1) substituting a unique phone for the lowest- 
probability phone, (2) deleting the lowest-probability phone, (3) inserting a phone adjacent to 
the lowest-probability phone, (4) substituting a sequence of two phones for the lowest- 

10 probability phone, (5) substituting a substitute phone for the lowest-probability phone and its 
right neighboring phone, (6) substituting a substitute phone for the lowest-probability phone 
and its left neighboring phone. At 1025 each set of alternate pronunciations is realigned (i.e., 
force-aligned) to the waveform. At 1030 a score is generated for each of the sets of alternate 
pronunciations. Pronunciation scoring is described in detail above. At 1035, the set of 

15 alternate pronunciations having the highest score is identified and added to a pronunciation 
dictionary. Alternatively, subsequent to identifying the set of alternate pronunciations having 
the highest scoring and determining that the highest score is higher than the score of the 

PfXIB 1 

highest-scoring set of initial pronunciations, the acoustic score component (i.e., log p^q^ ) 

of the highest score is compared to a threshold value. If the acoustic score component is 
20 above the threshold value, then the set of alternate pronunciations is added to the 

pronunciation dictionary. The check provides that the set of alternate pronunciations having 
the highest score (from an acoustic point of view) has a relatively higher acoustic match to 
the waveform than the highest-scoring set of initial pronunciations. According to one 
embodiment, steps 1010 - 1030 may optionally be repeated using the set of alternate 
25 pronunciations as a set of initial pronunciations. According to another embodiment, steps 
1000 - 1035 may be repeated for each waveform in the transcribed acoustic data. 
[0066] FIG. 1 1 is a high-level flow chart illustrating the steps involved in generating 

words in a word list and a set of transcribed acoustic data that includes waveforms for the 
words collected from utterances spoken by a set of speakers according to another 
30 embodiment of the present invention. As in embodiments discussed above, the transcribed 
acoustic data may include transcriptions of the utterances that are (1) transcribed by hand 
(e.g., by a linguist), (2) transcribed by an ASR system, and/or (3) generated by an ASR 
system that seeks confirmation from a speaker that the speech recognized by the ASR system 
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is what the speaker said. It should be realized that the steps shown in FIG. 1 1 are not limiting 
on the invention as recited in the claims, but are illustrative of an exemplary embodiment. 
Other techniques having fewer, substitute, and/or additional steps are within the purview of 
the invention and will be readily apparent to those of skill in the art. At 1 100, the word list 
5 and transcribed acoustic data are received by a pronunciation-learning module, which is 
configured to generate pronunciations of the words for entry in a pronunciation dictionary. 
At 1 105, sets of initial pronunciations matching given transcribed words in the transcribed 
acoustic data are constructed from initial pronunciations generated by a letter-to-phone 
engine and/or extracted from a pronunciation dictionary. At 1110, the sets of initial 
1 0 pronunciations are graphed (see, for example, FIG. 6B). At 1 1 15, an ASR system determines 
the highest-scoring set of initial pronunciations. According to one embodiment, linguistic 
probabilities P(Bj | A) may be used as weights in the graph and used by the ASR system to 

determine the highest-scoring set of initial pronunciations. At 1 120, for the set of initial 
pronunciations having the highest score, a phone probability for each phone in the set of 

15 initial pronunciations is generated and a lowest-probability phone is identified. At 1 125 sets 
of alternate pronunciations are generated from the set of initial pronunciations having the 
highest score by performing one or more of the following: (1) substituting a unique phone 
for the lowest-probability phone, (2) deleting the lowest-probability phone, (3) inserting a 
phone adjacent to the lowest-probability phone, (4) substituting a sequence of two phones for 

20 the lowest-probability phone, (5) substituting a substitute phone for the lowest-probability 
phone and its right neighboring phone, (6) substituting a substitute phone for the lowest- 
probability phone and its left neighboring phone. At 1 130, the sets of alternate 
pronunciations are graphed. At 1 135, an ASR system determines the set of alternate 
pronunciations having the highest score. According to one embodiment, linguistic 

25 probabilities P(B i |A) may be used as weights in the graph and used by the ASR system to 

determine the set of alternate pronunciations having the highest score. At 1 140, the highest- 
scoring set of alternate pronunciations is added to a pronunciation dictionary. According to 
one embodiment, steps 1 1 10 - 1135 may optionally be repeated using the highest-scoring set 
of alternate pronunciations as a set of initial pronunciations. According to another 
30 embodiment, steps 1 100 - 1 140 may be repeated for each waveform in the transcribed 
acoustic data and matches the given transcribed words. 

[0067] Sets of alternate pronunciations generated by repeating steps 1000 - 1035 and 

steps 1 100 - 1 140 may include duplicate sets of alternate pronunciations. Prior to adding one 
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or more sets of alternate pronunciations to the pronunciation dictionary, the number of sets of 
alternate pronunciations may be reduced based on a set of useful criteria. For example, 
duplicate sets of alternate pronunciations (e.g., [b o f A i], [b o f A i], [b o f A i],. . .etc.) may 
be counted. A set of alternate pronunciations that does not occur more than a threshold 
5 number of times may be removed from the sets of alternate pronunciations, or, if a set of 
alternate pronunciations is duplicated more than a threshold number of times, the duplicated 
set of alternate pronunciations may be added to the pronunciation dictionary. Alternatively, 
a set of alternate pronunciations that is not duplicated more than a set percentage of 
occurrences may be discarded from the sets of alternate pronunciations or a set of alternate 

10 pronunciations that is duplicated more than a set percentage of occurrences may be added to 
the pronunciation dictionary. The above criteria for discarding and adding sets of alternate 
pronunciations to a pronunciation dictionary may be used in any combination. 

[0068] It is to be understood that the examples and embodiments described 
above are for illustrative purposes only and that various modifications or changes in light 

15 thereof will be suggested to persons skilled in the art and are to be included within the spirit 
and purview of this application and scope of the appended claims. For example, while 
embodiments have been described herein for generating pronunciations for ASR systems, 
generated pronunciations may also be used by text-to-speech systems. Therefore, the above 
description should not be taken as limiting the scope of the invention as defined by the 

20 claims. 
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